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Abstract
This document provides a review of the techniques and therapies used in gait rehabilitation after stroke. It also examines the possible benefits of including assistive robotic devices and brain-computer interfaces in this field, according to a top-down approach, in which rehabilitation is driven by neural plasticity.
The methods reviewed comprise classical gait rehabilitation techniques (neurophysiological and motor learning approaches), functional electrical stimulation (FES), robotic devices, and brain-computer interfaces (BCI).
From the analysis of these approaches, we can draw the following conclusions. Regarding classical rehabilitation techniques, there is insufficient evidence to state that a particular approach is more effective in promoting gait recovery than other. Combination of different rehabilitation strategies seems to be more effective than over-ground gait training alone. Robotic devices need further research to show their suitability for walking training and their effects on over-ground gait. The use of FES combined with different walking retraining strategies has shown to result in improvements in hemiplegic gait. Reports on non-invasive BCIs for stroke recovery are limited to the rehabilitation of upper limbs; however, some works suggest that there might be a common mechanism which influences upper and lower limb recovery simultaneously, independently of the limb chosen for the rehabilitation therapy. Functional near infrared spectroscopy (fNIRS) enables researchers to detect signals from specific regions of the cortex during performance of motor activities for the development of future BCIs. Future research would make possible to analyze the impact of rehabilitation on brain plasticity, in order to adapt treatment resources to meet the needs of each patient and to optimize the recovery process.

Introduction
Stroke is one of the principal causes of morbidity and mortality in adults in the developed world and the leading cause of disability in all industrialized countries. Stroke incidence is approximately one million per year in the European Union and survivors can suffer several neurological deficits or impairments, such as hemiparesis, communication disorders, cognitive deficits or disorders in visuo-spatial perception [1, 2].
These impairments have an important impact in patient's life and considerable costs for health and social services [3]. Moreover, after completing standard rehabilitation, approximately 50%-60% of stroke patients still experience some degree of motor impairment, and approximately 50% are at least partly dependent in activities-of-daily-living (ADL) [4].
Hemiplegia is one of the most common impairments after stroke and contributes significantly to reduce gait performance. Although the majority of stroke patients achieve an independent gait, many do not reach a walking level that enable them to perform all their daily activities [5]. Gait recovery is a major objective in the rehabilitation program for stroke patients. Therefore, for many decades, hemiplegic gait has been the object of study for the development of methods for gait analysis and rehabilitation [6].
Traditional approaches towards rehabilitation can be qualified as bottom-up approaches: they act on the distal physical level (bottom) aiming at influencing the neural system (top), being able to rehabilitate the patients due to the mechanisms of neural plasticity. How these mechanisms are established is still unkown, despite existing several hypotheses that lead to the description of several physical therapies. Recently some authors [7] argue about new hypothesis based on the results coming from robotic rehabilitation.
An increasing number of researchers are pursuing a top-down approach, consisting on defining the rehabilitation therapies based on the state of the brain after stroke. This paper aims at providing an integrative view of the top-down approaches and their relationships with the traditional bottom-up in gait recovery after stroke. Besides, the article aim at examining how an integrative approach incorporating assistive robotic devices and brain-computer interfaces (BCI) can contribute to this new paradigm.
According to the aim of this review, this document is organized as follows. First, we cover the neurophysiology of gait, focusing on the recent ideas on the relation among cortical brain stem and spinal centers for gait control. Then, we review classic gait rehabilitation techniques, including neurophysiological and motor learning approaches. Next, we present current methods that would be useful in a top-down approach. These are assistive robotic devices, functional electrical stimulation (FES), and non-invasive BCIs based on the electroencephalogram (EEG) and functional near infrared spectroscopy (fNIRS). Finally, we present our conclusions and future work towards a top-down approach for gait rehabilitation.
Subsequently this paper is structured as follows: First there is an introduction to the physiology of gait. Then there is a review of current rehabilitation methodologies, with special emphasis to robotic devices as part of either a top-down or bottom-up approaches. Finally, we review the potential use of BCIs systems as key components for restructuring current rehabilitation approaches from bottom-up to top-down.

Neurophysiology of gait
Locomotion results from intricate dynamic interactions between a central program and feedback mechanisms. The central program relies fundamentally on a genetically determined spinal circuit capable of generating the basic locomotion pattern and on various descending pathways that can trigger, stop and steer locomotion. The feedback originates from muscles and skin afferents as well as some senses (vision, audition, vestibular) that dynamically adapt the locomotion pattern to the requirements of the environment [8]. For instance, propioceptive inputs can adjust timing and the degree of activity of the muscles to the speed of locomotion. Similarly, skin afferents participate predominantly in the correction of limb and foot placement during stance and stimulation of descending pathways may affect locomotion pattern in specific phases of step cycle [8]. The mechanism of gait control should be clearly understood, only through a thorough understanding of normal as well as pathological pattern it is possible to maximize recovery of gait related functions in patients.
In post-stroke patients, the function of cerebral cortex becomes impaired, while that of the spinal cord is preserved. Hence, the ability to generate information of the spinal cord required for walking can be utilized through specific movements to reorganize the cortex for walking [9]. The dysfunction is typically manifested by a pronounced asymmetrical deficits [10]. Post-stroke gait dysfunction is among the most investigated neurological gait disorders and is one of the major goals in post-stroke rehabilitation [11]. Thus, the complex interactions of the neuromusculoskeletal system should be considered when selecting and developing treatment methods that should act on the underlying pathomechanisms causing the disturbances [9].
The basic motor pattern for stepping is generated in the spinal cord, while fine control of walking involves various brain regions, including cerebral motor cortex, cerebellum, and brain stem [12]. The spinal cord is found to have Central Pattern Generators (CPGs) that in highly influential definition proposed by Grillner [13] are networks of nerve cells that generate movements and enclose the information necessary to activate different motor neurons in the suitable sequence and intensity to generate motor patterns. These networks have been proposed to be "innate" although "adapted and perfected by experience". The three key principles that characterize CPGs are the following: (I) the capacity to generate intrinsic pattern of rhythmic activity independently of sensory inputs; (II) the presence of a developmentally defined neuronal circuit; (III) the presence of modulatory influences from central and peripheral inputs.
Recent work has stressed the importance of peripheral sensory information [14] and descending inputs from motor cortex [15] in shaping CPG function and particularly in guiding postlesional plasticity mechanisms. In fact for over-ground walking a spinal pattern generator does not appear to be sufficient. Supraspinal control is needed to provide both the drive for locomotion as well as the coordination to negotiate a complex environment [16].
The study of brain control over gait mechanisms has been hampered by the differences between humans and other mammals in the effects on gait of lesioning supraspinal motor centers. It is common knowledge that brain lesions profoundly affect gait in humans [17]. Therefore, it has been argued that central mechanisms play a greater role in gait control mechanisms in humans as compared to other mammals and thus data from experimental animal models are of little value in addressing central mechanisms in human locomotion [14]. One way to understand interrelationships between spinal and supraspinal centers is to analyze gait development in humans. Human infants exhibit stepping behaviour even before birth thus well before cortical descending fibers are myelinated. Infant stepping has been considered to show many of the characteristics of adult walking, like alternate legs stepping, reciprocal flexors, and extensors activation. However, it also differs from adult gait in many key features. One of the most striking differences is the capacity of CPG networks to operate independently for each leg [18]. In synthesis, there is general consensus that an innate template of stepping is present at birth [19, 20] and subsequently it is modulated by superimposition of peripheral as well as supraspinal additional patterns [14].
There is also increasing evidence that the motor cortex and possibly other descending input is critical for functional walking in humans: in adults the role of supraspinal centers on gait parameters has been studied mainly by magnetic or electric transcranial stimulation (TMS) [21, 22], by electroencephalography (EEG) [23] or by frequency and time-domain analyses of muscle activity (electromyography, EMG) during gait [24]. Results from these two different approaches (TMS and EMG coherence analysis) suggest that improvements in walking are associated with strengthening of descending input from the brain. Also, motor evoked potentials (MEPs) in plantar- and dorsi-flexors evoked by TMS are evident only during phases of the gait cycle where a particular muscle is active; for example, MEPs in the soleus are present during stance and absent during swing [25, 26]. It is intriguing also that one of the most common problems in walking after injury to motor areas of the brain is dorsiflexion of the ankle joint in the swing phase [27]. This observation suggests that dorsiflexion of the ankle in walking requires participation of the brain, a finding that is consistent with TMS studies showing areas in the motor cortex controlling ankle dorsiflexors to be especially excitable during walking. It is also consistent with the observation that babies with immature input from the brain to the spinal cord show toe drag in walking [28]. Perhaps recovery of the ability to dorsiflexion the ankle is especially dependent on input from the motor cortex. Both line of evidence, although suggesting cortical involvement in gait control, did not provide sufficient information to provide a clear frame of cortico-spinal interplay [14].
Several research areas have provided indirect evidence of cortical involvement in human locomotion. Positron emission tomography (PET) and functional magnetic resonance imaging (fMRI) have demonstrated that during rhythmic foot or leg movements the primary motor cortex is activated, consistent with expected somatotopy, and that during movement preparation and anticipation frontal and association areas are activated [29]. Furthermore, electrophysiological studies of similar tasks have demonstrated lower limb movement related electrocortical potentials [30], as well as coherence between electromyographic and electroencephalographic signals [31].
Alexander et al. [32], by analyzing brain lesion locations in relation to post-stroke gait characteristics in 37 chronic ambulatory stroke patients suggested that damage to the posterolateral putamen was associated with temporal gait asymmetry.
In closing, gait, as simple as it might seem, is the result of very complex interactions and not at all sustained by an independent automatic machine that can be simply turn off and on [24]. The spinal cord generates human walking, and the cerebral cortex makes a significant contribution in relation to voluntary changes of the gait pattern. Such contributions are the basis for the unique walking pattern in humans. The resultant neural information generated at the spinal cord and processed at the cerebral cortex, filters through the meticulously designed musculoskeletal system. The movements required for walking are then produced and modulated in response to the environment.
Despite the exact role of the motor cortex in control of gait is unclear, available evidence may be applied to gait rehabilitation of post-stroke patients.

Gait rehabilitation after stroke
Restoring functions after stroke is a complex process involving spontaneous recovery and the effects of therapeutic interventions. In fact, some interaction between the stage of motor recovery and the therapeutic intervention must be noticed [33].
The primary goals of people with stroke include being able to walk independently and to manage to perform daily activities [34]. Consistently, rehabilitation programs for stroke patients mainly focus on gait training, at least for sub-acute patients [35].
Several general principles underpin the process of stroke rehabilitation. Good rehabilitation outcome seems to be strongly associated with high degree of motivation and engagement of the patient and his/her family [36]. Setting goals according to specific rehabilitation aims of an individual might improve the outcomes [36]. In addition, cognitive function is importantly related to successful rehabilitation [37]. At this respect, attention is a key factor for rehabilitation in stroke survivors as poorer attention performances are associated with a more negative impact of stroke disability on daily functioning [37].
Furthermore, learning skills and theories of motor control are crucial for rehabilitation interventions. Motor adaptation and learning are two processes fundamental to flexibility of human motor control [38]. According to Martin et al., adaptation is defined as the modification of a movement from a trail-to-trial based on error feedback [39] while learning is the basic mechanism of behavioural adaptation [40]. So the motor adaptation calibrates movement for novel demands, and repeated adaptations can lead to learning a new motor calibration. An essential prerequisite for learning is the recognition of the discrepancy between actual and expected outcomes during error-driven learning [40]. Cerebral damage can slow the adaptation of reaching movements but does not abolish this process [41]. That might reflect an important method to alter certain patients' movement patterns on a more permanent basis [38].
Classic gait rehabilitation techniques
At present, gait rehabilitation is largely based on physical therapy interventions with robotic approach still only marginally employed. The different physical therapies all aim to improve functional ambulation mostly favouring over ground gait training. Beside the specific technique used all approaches require specifically designed preparatory exercises, physical therapist's observation and direct manipulation of the lower limbs position during gait over a regular surface, followed by assisted walking practice over ground.
According to the theoretical principles of reference that have been the object of a Cochrane review in 2007 [42], neurological gait rehabilitation techniques can be classified in two main categories: neurophysiological and motor learning.
Neurophysiological techniques
The neurophysiological knowledge of gait principles is the general framework of this group of theories. The physiotherapist supports the correct patient's movement patterns, acting as problem solver and decision maker so the patient beings a relatively passive recipient [43]. Within this general approach according to different neurophysiological hypothesis various techniques have been proposed. The most commonly used in gait rehabilitation are summarized in the following:
♦ Bobath [44] is the most widely accepted treatment concept in Europe [45]. It hypothesizes a relationship between spasticity and movement, considering muscle weakness due to the opposition of spastic antagonists [46, 47]. This method consists on trying to inhibit increased muscle tone (spasticity) by passive mobilization associated with tactile and proprioceptive stimuli. Accordingly, during exercise, pathologic synergies or reflex activities are not stimulated. This approach starts from the trunk and the scapular and pelvic waists and then it progresses to more distal segments [1, 48].
♦ The Brunnström method [49] is also well known but its practice is less common. Contrary to the Bobath strategy, this approach enhances pathologic synergies in order to obtain a normal movement pattern and encourages return of voluntary movement through reflex facilitation and sensory stimulation [48].
♦ Proprioceptive neuromuscular facilitation (PNF) [50, 48] is widely recognized and used but it is rarely applied for stroke rehabilitation. It is based on spiral and diagonal patterns of movements through the application of a variety of stimuli (visual, auditory, proprioceptive...) to achieve normalized movements increasing recruitments of additional motor units maximising the motor response required [51].
♦ The Vojta method [52] has been mainly developed to treat children with birth related brain damage. The reference principle is to stimulate nerves endings at specific body key points to promote the development of physiological movement patterns [53, 54]. This approach is based on the activation of "innate, stored movement patterns" that are then "exported" as coordinated movements to trunk and extremities muscles. Vojta method meets well central pattern generator theories for postural and gait control and it is also applied in adult stroke patients on the assumption that brain damage somehow inhibits without disrupting the stored movement patterns.
♦ The Rood technique [55] focuses on the developmental sequence of recovery (from basic to complex) and the use of peripheral input (sensory stimulation) to facilitate movement and postural responses in the same automatic way as they normally occur.
♦ The Johnstone method [56] assumes that damaged reflex mechanisms responsible for spasticity are the leading cause of posture and movement impairment. These pathological reflexes can be controlled through positioning and splinting to inhibit abnormal patterns and controlling tone in order to restore central control. In this line at the beginning gross motor performances are trained and only subsequently more skilled movements are addressed.

Motor learning techniques
Just opposite to the passive role of patients implied in neurophysiological techniques, motor learning approaches stress active patient involvement [57]. Thus patient collaboration is a prerequisite and neuropsychological evaluation is required [58, 59]. This theoretical framework is implemented with the use of practice of context-specific motor tasks and related feedbacks. These exercises would promote learning motor strategies and thus support recovery [60, 61]. Task-specific and context-specific training are well-accepted principles in motor learning framework, which suggests that training should target the goals that are relevant for the needs of patients [36]. Additionally, training should be given preferably in the patient's own environment (or context). Both learning rules are supported by various systematic reviews, which indicate that the effects of specific interventions generalise poorly to related tasks that are not directly trained in the programme [62–64].
The motor learning approach has been applied by different authors to develop specific methodologies:
♦ The Perfetti method [65] is widely used, especially in Italy. Schematically it is a sensory motor technique and was developed originally for controlling spasticity, especially in the arms, and subsequently applied to all stroke related impairments including gait. Perfetti rehabilitation protocols start with tactile recognition of different stimuli and evolve trough passive exploitation and manipulation of muscles and joints to active manipulation. As all motor learning based techniques, Perfetti cannot be implemented without a certain degree of cognitive preservation to allow patient's cooperation.
♦ Carr and Shepherd in their motor relearning method [66] considered different assumptions. They hypothesized that neurologically impaired subjects learn in the same way as healthy individuals, that posture and movement are interrelated and that through appropriate sensory inputs it is possible to modulate motor responses to a task. In this context instruction, explanation, feedback and participation are essential. Exercises are not based on manually imposed movements but training involves therapist practice guidance for support or demonstration, and not for providing sensory input, as for instance during Perfetti type exercises [33]. The rehabilitation protocol is initially focussed on movement components that cannot be performed, subsequently functional tasks are introduced and finally generalization of this training into activities of daily living is proposed.
♦ Conductive education or Peto method [67] focuses on coping with disability and only in a subordinate level addresses functional recovery. Specific emphasis is given to integrated approaches. Particularly characteristic is the idea that feelings of failure can produce a dysfunctional attitude, which can hamper rehabilitation. Accordingly, rehabilitation protocols are mainly focus on coping with disability in their daily life by teaching them apt strategies.
♦ The Affolter method [68] assumes that the interaction between the subject and the environment is fundamental for learning, thus perception has an essential role in the learning process. Incoming information is compared with past experience ('assimilation'), which leads to anticipatory behavior. This method has been seldom used and no data are available in the literature.
♦ Sensory integration or Ayres method [69] emphasises the role of sensory stimuli and perception in defining impairment after a brain lesion. Exercises are based on sensory feedback and repetition which are seen as important principles of motor learning.
Neurorehabilitation principles and techniques have been developed to restore neuromotor function in general, aiming at the restoration of physiological movement patterns [1]. Nevertheless, it must be recalled that the gold standard for functional recovery approaches is to tailor methods for specific pathologies and patients; however, none of the above-mentioned methods has been specifically developed for gait recovery after stroke [50]. Thus, it is not surprising that the only available Cochrane review [42] on gait rehabilitation techniques states that there is insufficient evidence to determine if any rehabilitation approach is more effective in promoting recovery of lower limbs functions following stroke, than any other approach. Furthermore, Van Pepper [70] revealed no evidence in terms of functional outcomes to support the use of neurological treatment approaches, compared with usual care regimes. To the contrary, there was moderate evidence that patients receiving conventional functional treatment regimens (i.e. traditional exercises and functional activities) needed less time to achieve their functional goals [51] or had a shorter length of stay compared with those provided with specific neurological treatment approaches, such as Bobath [47, 51, 71]. In addition, there is strong evidence that patients benefit from exercise programmes in which functional tasks are directly and intensively trained [70, 72]. Task-oriented training can assist the natural pattern of functional recovery, which supports the view that functional recovery is driven mainly by adaptive strategies that compensate for impaired body functions [73–75]. Wevers at al., underlined in a recent review, the efficacy of task-oriented circuit class training (CCT) to improve gait and gait-related activities in patients with chronic stroke [76].
Several systematic reviews have explored whether high-intensity therapy improves recovery [77–79]. Although there are no clear guidelines for best levels of practice, the principle that increased intensive training is helpful is widely accepted [38]. Agreement is widespread that rehabilitation should begin as soon as possible after stroke, [80] and clinical trials of early commenced mobility and speech interventions are underway.
According to these data, Salbach et al [81] suggested that high-intensity task oriented practice may enhance walking competency in patients with stroke better than other methods, even in those patients in which the intervention was initiated beyond 6 months after stroke. In contrast, impairment focused programmes such as muscle strengthening, muscular re-education with support of biofeedback, neuromuscular or transcutaneous nerve stimulation showed significant improvement in range of motion, muscle power and reduction in muscle tone; however these changes failed to generalize to the activities themselves [70]. Interestingly, a similar trend was found for studies designed to improve cardiovascular fitness by a cycle ergometer [82]. Interestingly, no systematic review has specifically addressed whether the less technologically demanding intervention of over ground gait training is effective at improving mobility in stroke patients. While there is a clinical consensus that over ground gait training is needed during the acute stage of recovery for those patients who cannot walk independently [83], there has been little discussion of whether over ground gait training would be beneficial for chronic patients with continuing mobility deficits. States et al. [84] suggested that over ground gait training, has no significant effects on walking function, although it may provide small, time-limited benefits for the more uni-dimensional variables of walking speed, Timed Up and Go test and 6 Minutes Walking Test. Instead, over ground gait training may create the most benefit in combination with other therapies or exercise protocols. This hypothesis is consistent with the finding that gait training is the most common physical therapy intervention provided to stroke patients [35]. It is also consistent with other systematic reviews that have considered the benefit of over ground gait training in combination with treadmill training or high-technology approaches like body weight support treadmill training (BWSTT) [85] or with exercise protocols in acute and chronic stroke patients [86]. This combination of rehabilitation strategies, as will be described in the next section of this paper, appear to be more effective than over ground gait training alone, perhaps because they require larger amounts of practice on a single task than is generally available within over ground gait training.


Robotic devices
Conventional gait training does not restore a normal gait pattern in the majority of stroke patients [87]. Robotic devices are increasingly accepted among many researchers and clinicians and are being used in rehabilitation of physical impairments in both the upper and lower limbs [88, 89].
These devices provide safe, intensive and task-oriented rehabilitation to people with mild to severe motor impairments after neurologic injury [90]. In principle, robotic training could increase the intensity of therapy with quite affordable costs, and offer advantages such as: i) precisely controllable assistance or resistance during movements, ii) good repeatability, iii) objective and quantifiable measures of subject performance, iv) increased training motivation through the use of interactive (bio)feedback. In addition, this approach reduces the amount of physical assistance required to walk reducing health care costs [88, 91] and provides kinematic and kinetic data in order to control and quantify the intensity of practice, measure changes and assess motor impairments with better sensitivity and reliability than standard clinical scales [88, 90, 92].
Because of robotic rehabilitation is intensive, repetitive and task-oriented, it is generally in accordance with the motor re-learning program [36, 63], more than with the other rehabilitative approaches reported above in this document.
The efficacy of the human-robot interactions that promote learning depends on the actions either imposed or self-selected by the user. The applied strategies with available robotic trainers aim at promoting effort and self initiated movements. The control approaches are intended to i) allow a margin of error around a target path without providing assistance, ii) trigger the assistance in relation to the amount of exerted force or velocity, iii) enable a compliance at level of the joint and iv) detrend the robotic assistance by means of what has been proposed as a forgetting factor. In the former approach, the assumption is that the human resists applied forces by internally modelling the force and counteracting to it.
Regarding current assistance strategies employed in robotic systems, the assist-as-needed control concept has emerged to encourage the active motion of the patient. In this concept, the goal of the robotic device is to either assist or correct the movements of the user. This approach is intended to manage simultaneous activation of efferent motor pathways and afferent sensory pathways during training. Current assist-as-needed strategies face one crucial challenge: the adequate definition of the desired limb trajectories regarding space and time the robot must generate to assist the user during the exercise. Supervised learning approaches that pre-determine reference trajectories have been proposed to this purpose. Assist-as-needed approach has been applied as control strategy for walking rehabilitation in order to adapt the robotic device to varying gait patterns and levels of support by means of implementing control of mechanical impedance. Zero-impedance control mode has been proposed to allow free movement of the segments. Such approach, referred to as "path control" has been proposed with the Lokomat orthosis, (Hocoma, AG; Switzerland) [93] resulting in more active EMG recruitments when tested with spinal cord injury subjects. The concept of a virtual tunnel that allows a range of free movement has been evaluated with stroke patients in the lower limb exoskeleton ALEX [94].
Regarding rehabilitation strategies, the most common robotic devices for gait restoration are based on task-specific repetitive movements which have been shown to improve muscular strength, movement coordination and locomotor retraining in neurological impaired patients [95, 96]. Robotic systems for gait recovery have been designed as simple electromechanical aids for walking, such as the treadmill with body weight support (BWS) [97], as end-effectors, such as the Gait Trainer (Reha-Technologies, Germany, GT)[98], or as electromechanical exoskeletons, such as the Lokomat [99]. On treadmills, only the percentage of BWS and walking speed can be selected, whereas on the Lokomat, the rehabilitation team can even decide the type of guidance and the proper joint kinematics of the patients' lower limbs. On the other hand, end effector devices lie between these two extremes, including a system for BWS and a controller of end-point (feet) trajectories.
A fundamental aspect of these devices is hence the presence of an electromechanical system for the BWS that permits a greater number of steps within a training session than conventional therapy, in which body weight is manually supported by the therapists and/or a walker [100, 101]. This technique consists on using a suspension system with a harness to provide a symmetrical removal of a percentage of the patient's body weight as he/she walks on a treadmill or while the device moves or support the patient to move his/her lower limbs. This alternative facilitates walking in patients with neurological injuries who are normally unable to cope with bearing full weight and is usually used in stroke rehabilitation allowing the beginning of gait training in early stages of the recovery process [102].
However, some end-effector devices, such as the Gait Trainer, imposes the movements of the patient' feet, mainly in accordance to a bottom-up approach similar to the passive mobilizations of Bobath method [38] instead of a top-down approach. In fact, a top-down approach should be based on some essential elements for an effective rehabilitation such as an active participation [37], learning skills [38] and error-drive-learning [39].
Several studies support that retraining gait with robotic devices leads to a more successful recovery of ambulation with respect to over ground walking speed and endurance, functional balance, lower-limb motor recovery and other important gait characteristics, such as symmetry, stride length and double stance time [96, 91, 103].
In these studies, BWS treadmill therapy has sometimes been associated, from a clinical point of view, to the robotic therapies, even if treadmill should not be considered as a robot for their substantial engineering differences. In fact, in a recent Cochrane, electromechanical devices were defined as any device with an electromechanical solution designed to assist stepping cycles by supporting body weight and automating the walking therapy process in patients after stroke, including any mechanical or computerized device designed to improve walking function and excluding only non-weight-bearing devices [104].
Visintin et al[105] reported that treadmill therapy with BWS was more effective than without BWS in subacute, nonambulatory stroke patients, as well as showing advantages over conventional gait training with respect to cardiovascular fitness and walking ability.
Luft et al[106] compared the effects of 6-month treadmill training versus comparable duration stretching on walking, aerobic fitness and in a subset on brain activation measured by functional MRI. The results suggested that treadmill training promotes gait recovery and fitness, and provides evidence of neuroplasticity mechanisms.
Mayr et al[107] found more improvement during the Lokomat training phase than during the conventional physical therapy phase after a rehabilitation program that applied these two different techniques for gait training.
On the other hand, Peshkin et al[95] attempted to identify users and therapists' needs through observations and interviews in rehabilitation settings to develop a new robotic device for gait retraining in over-ground contexts. They intended to establish key tasks and assess the kinematics required to support those tasks with the robotic device making the system able to engage intense, locomotor-specific, BWS training over ground while performing functional tasks.
As most complex robots need to be permanently installed in a room, patients have to be moved from their beds to attend the rehabilitation. This is the main reason why therapy cannot be provided as soon as possible after stroke. In order to overcome this limitation, a robotic platform was developed by Monaco et al [108, 109] that consists of providing leg manipulation, with joint trajectories comparable with those related to natural walking for bedridden patients.
On the other hand, robotic feedback training is an emerging but promising trend to constitute an active rehabilitation approach and novel methods to evaluate motor function. Forrester et al [110] tested the robotic feedback approach in joint mobilization training, providing assistance as needed and allowing stroke patients to reach targets unassisted if they are able. Song et al [111] investigated the effect of providing continuous assistance in extension torque with a controlled robotic system to assist upper limb training in patients with stroke. The results suggested improved upper limb functions after a twenty-session rehabilitation program. Ueda et al [112] tested a computational algorithm that computes control commands (muscle force prediction) to apply target muscle forces with an exoskeleton robot. The authors foresee its application to induce specific muscle activation patterns in patients for therapeutic intervention.
Huang et al [113] assessed with an exoskeleton the amount of volitional control of joint torque and its relation to a specific function post injury, e.g. when rehabilitation involves the practice of joint mobilization exercises.
However, other studies have provided conflicting results regarding the effectiveness of robotic devices for ambulatory and/or chronic patients with stroke [114, 115]. A recently updated Cochrane review [104] has demonstrated that the use of electromechanical devices for gait rehabilitation increases the likelihood of walking independently in patients with subacute stroke (odd ratio = 2.56) but not in patients with chronic stroke (odd ratio = 0.63). Furthermore, some other problems are still limiting a wider diffusion of robotic devices for gait restoring, such as their high costs and the skepticism of some members of rehabilitation teams [116] probably based on the lacks of clear guidelines about robotic training protocols tailored on patients' motor capacity [117].
More recently, Morone et al [118] have proposed to change the scientific question about the effectiveness of these robotic devices into "who may benefit from robotic-assisted gait training?". The authors found that robotic therapy combined with conventional therapy is more effective than conventional therapy alone in severely affected patients.
At the light of all the above studies, the efficacy of each robotic device in neurorehabilitation seems to be related to a correct identification of the target population, in accordance with a generalization of the assist-as-needed strategy. Furthermore, it seems clear that a deeper knowledge about the proper selection of robotic devices, their training parameters and their effects on over ground walking performance for each patient can surely increase awareness of the potentialities of robotic devices for walking training in rehabilitation [117]. It is hence conceivable to conclude that more constraining devices, such as Lokomat, could be helpful at the beginning of rehabilitation and with more severely affected patients, whereas end-effector devices and then treadmill, could be more effective in more advanced stages of rehabilitation and/or in less affected patients [97].

Functional Electrical Stimulation
Functional Electrical Stimulation (FES) is a useful methodology for the rehabilitation after stroke, along or as a part of a Neuro-robot [119].
FES consists on delivering an electric current through electrodes to the muscles. The current elicits action potentials in the peripheral nerves of axonal branches and thus generates muscle contractions [120].
FES has been used in rehabilitation of chronic hemiplegia since the 1960s.
The firsts applications of FES in stroke recovery were focused on drop-foot correction, later researchers began to selectively stimulate the muscles for dorsiflexion of the foot as well as other key muscle groups in the affected leg [121].
Stanic et al [122] found that multichannel FES, given 10 to 60 minutes, 3 times per week for 1 month, improved gait performance in hemiplegic subjects.
Bogataj et al [123] applied multichannel FES to activate lower limb muscles of chronic hemiplegic subjects. After daily treatment 5 days per week for 1 to 3 weeks, the data provided by the stride analyzer and the ground reaction measuring system, as well as observations of the subjects' gait, suggested that multichannel FES may be a suitable treatment for walking recovery.
Later studies established the beneficial effects on the gait pattern of ambulatory patients, which, however, were likely to disappear after a few months [124].
Kottink et al [125] performed a meta-analysis to verify the capability of FES to improve gait speed in subjects post-stroke. Patients were treated with FES from 3 weeks to 6 months. The authors determined that gait speed improved significantly during FES treatment (orthotic effect). Nevertheless, it was unknown whether these improvements in walking speed were maintained after the FES was removed (therapeutic effect).
On the other hand there is strong evidence that FES combined with other gait retraining strategies results in improvements in hemiplegic gait, faster rehabilitation process and enhancement of the patients' endurance [121, 124, 126].
Lindquist et al [11] compared the effects of using treadmill training with BWS alone and in combination with FES on gait and voluntary lower limb control of 8 ambulatory patients with chronic stroke. The combined use of these two techniques led to an enhancement in motor recovery and seemed to improve the gait pattern (stance duration, cadence and cycle length symmetry).
Maple et al [127] attempted to evaluate the effectiveness of gait training comparing 3 different therapies: over ground walking training and electromechanical gait trainer with or without FES, for 54 patients with subacute stroke. After 4 weeks of 20-minute daily sessions, the groups that performed electromechanical gait with and without FES showed better improvement in comparison to the over ground walking group.
Tong et al [128] reported improvements in several functional and clinical scales for 2 patients with acute ischemic stroke after 4 weeks of electromechanical gait training with simultaneous FES.
Both robotic devices and FES can be controlled or triggered by biological signals recorded from the patient. For example, signals recorded from muscles (electromyography, EMG) can provide information on the level of residual activation and on the neural control strategies. In these applications, the patient actively participates in intensive and repetitive task-oriented practice while task support (by robotic devices or FES) is triggered by residual myoelectric activity during volitional control. With respect to passive movements, it has been shown that motor learning is promoted by the use of residual EMG activity to trigger external devices assisting the movement [129]. The rationale for enhanced motor learning is that patients, such as people with stroke with severe paresis, would lack appropriate proprioceptive feedback due to a lesion involving sensory pathways. The use of EMG to trigger an action supported by an external device would reinstate appropriate proprioceptive feedback because the feedback is directly triggered by the voluntary movement. The neural activity associated with the specification of the goal and outcome of movement would have a causal relation and promote learning [130]. During rehabilitation, the residual myoelectric activity and thus voluntary execution of the task increases. Such positive feedback loop further enhances learning. This mechanism explains, for example, the therapeutic effect of FES. When paretic muscles are electrically stimulated in order to improve a function, better performance is observed if the stimulation is triggered by residual muscular activity compared to passive stimulation [131].
Similar mechanisms are supposed to be triggered by decoding the patient intention directly from the brain activity. This approach, which is referred to as brain-computer interfacing (BCI), requires more complex decoding methods than those based on muscular activities but provides a direct link with the neural circuitries activated during movement following the principles of a top-down approach.


Brain-Computer Interfaces
Brain-Computer Interface (BCI) systems record, decode, and translate some measurable neurophysiological signal into an effector action or behavior [132]. Therefore, according to this definition BCIs are potentially a powerful tool for being part of a Top-Down approach for neuro-rehabilitation as far as they can record and translate useful properties of brain activity related with the state of recovery of the patients.
BCIs establish a direct link between a brain and a computer without any use of peripheral nerves or muscles [133], thereby enabling communication and control without any motor output by the user [134, 135]. In a BCI system, suitable neurophysiological signals from the brain are transformed into computer commands in real-time. Depending on the nature of these signals, different recording techniques serve as input for the BCI [136–138]. Volitional control of brain activity allows for the interaction between the BCI user and the outside world.
There are several methods available to detect and measure brain signals: systems for recording electric fields (electroencephalography, EEG, electrocorticography, ECoG and intracortical recordings using single electrodes or an electrode array) or magnetic fields (magnetoencephalography, MEG), functional magnetic resonance imaging (fMRI), positron emission tomography (PET), and functional near-infrared spectroscopy (fNIRS) [139, 140]. Although all these methods have already been used to develop BCIs, in this paper we focus only on the non-invasive technologies that are portable and relatively inexpensive: EEG and fNIRS. Furthermore, we review publications that envisioned the inclusion of BCI for stroke rehabilitation and the first reports on its inclusion.
In the last decades, an increasing number of BCI research groups have focused on the development of augmentative communication and control technology for people with severe neuromuscular disorders, including those neurologically impaired due to stroke [132, 141, 142].
Daly et al. [139] explained this expansion of the BCI research field through four factors:

                	Better understanding of the characteristics and possible uses of brain signals.

	The widely recognition of activity-dependent plasticity throughout the CNS and its influence on functional outcomes of the patient.

	The growth of a wide range of powerful low-cost hardware and software programs for recording and analyzing brain signals during real-time activities.

	The enhancement of the incidence and consideration of the people with severe motor disabilities.




              
One of the most popular neurophysiological phenomena used in BCI research is modulation of sensorimotor rhythms through motor imagery (MI) [143]. Imagination of limb movement produces a distinctive pattern on the motor cortex that can be detected online from the EEG [144–146], MEG [147], ECoG [148–150], fMRI [151] and fNIRS [152, 153].
Mental simulation of movement, engages the primary motor cortex in a similar way that motor execution does [154]. Motor imagery (MI) patterns have been found in healthy people [155–157], ALS patients [158], SCI patients [159, 160], and in stroke patients [161]. Since MI does not require motor output, it can be used to "cognitively rehearse physical skills in a safe, repetitive manner" [162], even in patients with no residual motor function.
In particular, for motor recovery after stroke, MI has been extensively exploited to promote neuroplasticity in combination with traditional physiotherapy and robot-aided therapy [163]. For example, Page et al. [162] showed that including a session of MI (30 minutes) after the usual physiotherapy (twice a week during six weeks) led to a significant reduction in affected arm impairment and significant increase in daily arm function, compared to a control group with physiotherapy but without MI sessions. MI sessions were guided by an audio tape describing the movements in both visual and kinesthetic ways. It can be seen that supporting MI with a BCI, would provide an objective measure of cortical activation during the MI therapy sessions.
In an early report on BCI control by stroke patients, Birbaumer et al. [140] reported on a MEG-based BCI. Chronic stroke patients with no residual hand function were trained to produce reliable MI patterns (volitional modulations of the sensorimotor rhythms around 8--12 Hz, through imagery of hand movements) to open and close a hand orthosis. To this end, between ten and twenty training sessions were required. Once the patients were able to control the device, further therapy sessions were carried out with a portable EEG-based BCI. It was mentioned that, as a side effect, the patients experienced "complete relief of hand spasticity" but not details were provided.
After this report, other research groups presented reports on future prospects of BCIs and the role of BCIs in neurological rehabilitation.
Buch et al. [132] reported that six out of eight patients with chronic hand plegia resulting from stroke could control the MEG-BCI after 13 to 22 sessions. Their performance ranged between 65% and 90% (classification accuracy), however, none of the patients showed significant improvement in their hand function after the BCI training.
Recently, Broetz et al. [164, 165] reported the case of one chronic stroke patient trained over one year with a combination of goal-directed physical therapy and the MEG/EEG-BCI reported in [132, 140]. After therapy, hand and arm movement ability as well as speed and safety of gait improved significantly. Moreover, the improvement in motor function was associated with an increased MI pattern (mu oscillations)from the ipsilesional motor cortex.
According to the literature, MEG and fMRI are better at locating stroke lesions and the neural networks involved in MI, thus, making those techniques the best choice for assessing changes in the motor activity that could foster and improve motor function [133, 145, 140, 166–169]. However, due to better portability and lower cost, EEG is a better choice for clinical setups, real time systems, and MI-based therapy, while functional methods like fNIRS are still an option. The next sections present the current approaches and the latest development in motor function recovery after stroke, using EEG-based and fNIRS-based BCIs.
Electroencephalography-based BCIs
Nowadays, there are only a few reports of Electroencephalograpy (EEG)-based BCIs for rehabilitation in stroke patients. The major part of these reports for stroke recovery focus on the rehabilitation of upper limbs, specifically of hand movements. Moreover, most of these reports focus on BCI performance of stroke patients and only a few of them have shown a real effect of BCI usage on motor recovery. Ang et al. [170] presented a study where a group of eight hemiparetic stroke patients received twelve sessions (one hour each, three times a week during four weeks) of robotic rehabilitation guided by an EEG-BCI. If the BCI detected the patient's intention to move, a robotic device (MIT-Manus) guided the movement of the patient's hand. A control group (ten patients) received the same number of standard robotic rehabilitation sessions (passive hand movements), without BCI control. Post-treatment evaluation of hand function (Fugl Meyer scale, relative to the pre-treatment evaluation) showed a significant improvement in both groups, but no differences between them. Between subsets of participants with function improvements (six in the experimental and seven in the control group), the experimental group presented a significantly greater improvement of hand motor function after adjustment of age and gender. Based on their own previous results, Ang et al. [171] reported that 89% of chronic stroke patients (from a total sample of 54 patients) can operate an EEG-BCI with a performance greater than chance level, and that the performance is not correlated with their motor function (Fugl Meyer scale, Pearson's correlation r = 0.36).
In contrast, Platz et al. [172] found a correlation between the ability to produce a desynchronization of the sensorimotor rhythms (associated with cortical activation) and the clinical motor outcome of acute and sub-acute stroke patients.
Daly et al. [166] presented a case study where one stroke patient (ten months after stroke) was able to perform isolated index finger extension after nine sessions (45 minutes, three times a week during three weeks) of training with FES controlled by an EEG-based BCI. Before treatment, the patient was unable to produce isolated movement of any digit of her affected hand. The BCI differentiated between movement attempts and a relaxation state. The authors reported that the patient was able to modulate sensorimotor rhythms (mu band) of her ipsilesional hemisphere for attempted and imagined movement after the first session; BCI control for relaxation was achieved until the fifth session. Both control and relaxation are desirable functions of the central nervous system (CNS) that allow to improve motor function and to reduce spasms. Prior to this work, Daly et al. [173], showed post-treatment changes in the EEG of people with stroke (reduction of abnormal cognitive planning time and cognitive effort) that occurred in parallel with improvement in motor function.
Prasad et al. [174, 175] presented a pilot study with five chronic stroke patients, based on the findings of Page et al. [162]. In the study, the patients completed twelve sessions of BCI training (twice a week during six weeks). The BCI detected imagery of left vs. right hand movements in real time, and translated the cortical activity into the direction of a falling ball (presented at the top of the screen). The participants could control the ball by modulating their sensorimotor rhythms to hit a target at the bottom of the screen at the left or right side. After the training, the patients' average performance ranged between 60% and 75%, but did not show any significant improvements in their motor function. These results are in line with the report of Buch et al. [132] with the combined MEG/EEG BCI training (previously described).
Tan et al. [176] reported that four out of six post-acute stroke patients (less than three months after lesion) could modulate their sensorimotor rhythms to activate FES of the wrist muscles. Such findings are important since most of the post-stroke recovery occurs during the six months following the lesion, thus traditional and robotic-aided therapy could start as early as three months, with the possible inclusion of a BCI.
There is enough evidence to support the assumption that BCIs could improve motor recovery, but there are no long term and group studies that show a clear clinical relevance.
There is also evidence that MI of lower limbs, e.g. dancing or foot sequences, helps to improve gait [177, 178] and coordination of lower limb movements [179]. Moreover, Malouin et al [180] showed differences between hand and foot MI after stroke. On the other hand, some studies suggest that there is a common mechanism influencing upper and lower limb recovery simultaneously, independently of the limb chosen for the rehabilitation therapy [181, 182]. While upper limb recovery is the focus of attention, lower limb and gait function have not been studied in combination with BCIs yet. Recent reports on EEG analysis during gait, suggest that it is possible to find neural correlates of gait [23] and to decode leg movement [183]. Whether EEG-BCIs, or any BCI at all, are helpful for gait rehabilitation, is still an interesting question that remains open.

Functional near infrared spectroscopy-based BCIs
Functional near infrared spectroscopy (fNIRS) is a non-invasive psycho-physiological technique that utilizes light in the near infrared range (700 to 1000 nm) to determine cerebral oxygenation, blood flow, and metabolic status of localized regions of the brain. The degree of increase in regional cerebral blood flow (rCBF) exceeds that of increases in regional cerebral oxygen metabolic rate (rCMRO2) resulting in a decrease in deoxygenated haemoglobin (deoxyHb) in venous blood. Thus, increase in total haemoglobin and oxygenated haemoglobin (oxyHb) with a decrease in deoxygenated haemoglobin is expected to be observed in activated brain areas during fNIRS measurement. fNIRS uses multiple pairs or channels of light sources and light detectors operating at two or more discrete wavelengths. The light source is usually a light emitting diode. Three techniques are available for NIRS signal acquisition, continuous-wave spectroscopy, time-resolved spectroscopy and frequency-domain techniques [184]. Continuous-wave spectroscopy is the approach used in the majority of the neuroimaging as well as brain-computer interface (BCI) studies. In this technique, the optical parameter measured is attenuation of light intensity due to absorption by the intermediate tissue. The source and the detector are separated by a distance of 2-7 cm to allow light to pass through the intermediate layers of scalp, skull and tissue to reach the surface of the brain again. The greater the distance between the source and the detector, the greater is the chance that the near-infrared light reaches the cortical surface. However, the attenuation of light due to absorption and scattering increases with the source-detector distance. The changes in the concentration of oxyHb and deoxyHb are computed from the changes in the light intensity at different wavelengths, using the modified Beer-Lambert equation [184].
The favorable properties of the fNIRS approach are its simplicity, flexibility and high signal to noise ratio. fNIRS provides spatially specific signals at high temporal resolution and it is portable and less expensive than fMRI. Human participants can be examined under normal conditions such as sitting in a chair, without their motion being severely restricted. However, the depth of brain tissue which can be measured is only 1-3 cm, restricting its applications to the cerebral cortex. With exciting developments in portable fNIRS instruments incorporating wireless telemetry [185], it is now possible to monitor brain activity from freely moving subjects [186, 187] thus enabling more dynamic experimental paradigms, clinical applications and making it suitable for implementation on BCIs.
As this paper focuses on rehabilitation of gait after stroke, the next sections will analyze the literature regarding gait performance using fNIRS and its application in stroke rehabilitation.

Assessment of gait with fNIRS
Increasing evidence indicates that fNIRS is a valuable tool for monitoring motor brain functions in healthy subjects and patients. Less sensitivity of fNIRS to motion artifacts allows the experimenters to measure cortical hemodynamic activity in humans during dynamic tasks such as gait.
Miyai and colleagues [188] recorded cortical activation in healthy participants associated with bipedal walking on a treadmill. They reported that walking was bilaterally associated with increased levels of oxygenated and total hemoglobin in the medial primary sensorimotor cortex (SMC) and the supplementary motor area (SMA). Alternating foot movements activated similar but less broad regions. Gait imagery increased activities caudally located in the SMA.
A study from Suzuki et al [189] explored the involvement of the prefrontal cortex (PFC) and premotor cortex (PMC) in the control of human walking and running by asking participants to perform three types of locomotor tasks at different speeds using a treadmill. During the acceleration periods immediately preceded reaching the steady walking or running speed, the levels of oxyHb increased, but those of deoxyHb did not in the frontal cortices. The changes were greater at the higher locomotor speed in the bilateral PFC and the PMC, but there were less speed-associated changes in the SMC. The medial prefrontal activation was most prominent during the running task.
Similarly, Mihara and colleagues [190] reported the involvement of the PMC and PFC in adapting to increasing locomotor speed.
A recent fNIRS study [191] showed that preparation for walking cued by a verbal instruction enhanced frontal activation both during the preparation and execution of walking as well as walking performance.
Altogether the studies on healthy participants reported an association between the PFC, SMA and SMC and control of gait speed. Moreover, the involvement of the left PFC might depend on an age-related decline in gait capacity in the elderly [192].
Thus far, few studies utilized fNIRS to assess cortical activation patterns in stroke patients. Cortical activation during hemiplegic gait was assessed in six non-ambulatory patients with severe stroke, using an fNIRS imaging system [193]. Patients performed tasks of treadmill walking under partial BWS, either with mechanical assistance in swinging the paretic leg control (CON) or with a facilitation technique that enhanced swinging of the paretic leg (FT), provided by physical therapists. Gait performance was associated with increased oxyHb levels in the medial primary sensorimotor cortex in the unaffected hemisphere greater than in the affected hemisphere. Both cortical mappings and quantitative data showed that the PMC activation in the affected hemisphere was enhanced during hemiplegic gait. Moreover, cortical activations and gait performance were greater in walking with FT than with CON. In a follow-up study the same authors investigated cerebral mechanisms underlying locomotor recovery after stroke [194]. Locomotor recovery after stroke seems to be associated with improvement of asymmetry in SMC activation and enhanced PMC activation in the affected hemisphere. In particular a correlation between improvement of the asymmetrical SMC activation and improvement of gait parameters were measured.
Furthermore, Mihara and colleagues [195] compared cortical activity in patients with ataxia during gait on a treadmill after infratentorial stroke with those in healthy control subjects observed a likely compensatory sustained prefrontal activation during ataxic gait.
Overall, these studies demonstrate the suitability of fNIRS for detecting brain activity during normal and impaired locomotion and subsequently as being part of a top-down strategy for rehabilitation.

fNIRS-BCI in stroke rehabilitation
Coyle et al. [196] and Sitaram and Hoshi et al. [197] were the first to conduct experiments to investigate the use of fNIRS for developing BCIs.
Sitaram et al [197] reported that MI produced similar but reduced activations in comparison to motor execution when participants used overt and covert finger tapping of left and right hands.
In the study by Coyle and Ward et al. [196] a BCI system provided visual feedback by means of a circle on the screen that shrunk and expanded with changes in hemoglobin concentration while participants imagined continually clenching and releasing a ball. An intensity threshold of the hemoglobin concentration from the contralateral optodes on the motor cortex was used to determine the actual brain state [196, 197]. In a follow-up experiment, Coyle et al. [152] used their custom-built fNIRS instrument to demonstrate a binary switching control called the Mindswitch with the objective of establishing a binary yes or no signal for communication. The fNIRS signal used for this purpose was derived from a single channel on the left motor cortex elicited by imagined movement of the right hand. The fNRIS based Mindswitch system tested on healthy participants showed that the number of correct classifications to the total number of trials was on the average more than 80%.
Recently, several studies reported fNIRS based BCI implementations [197–201]. Sitaram et al [198, 202] published the first controlled evaluation of an fNIRS-BCI. They used a continuous wave multichannel NIRS system (OMM-1000 from Shimadzu Corporation, Japan) over the motor cortex on healthy volunteers, to measure oxyHb and deoxyHb changes during left hand and right hand motor execution and imagery. The results of signal analysis indicated distinct patterns of hemodynamic responses which could be utilized in a pattern classifier towards developing a BCI. Two different pattern recognition techniques, Support Vector Machines (SVM) and Hidden Markov Model (HMM) were applied for implementing the automatic pattern classifier. SVMs are learning systems developed by Vapnik and his co-workers [203]. SVM has been demonstrated to work well in a number of real-world applications including BCI [204]. A Markov model is a finite state machine which can be used to model a time series. HMMs were first successfully applied for speech recognition, and later in molecular biology for modelling the probabilistic profile of protein families [205]. This was the first time that SVM and HMM techniques were used to classify NIRS signals for the development of a BCI. Data for finger tapping and imagery were collected in two separate sessions for all participants. The analysis showed that, typically, concentration of oxyHb increased and concentration of deoxyHb decreased during both finger tapping and motor imagery tasks. However, changes in concentration, both for oxyHb and deoxyHb, for finger tapping were greater than those for motor imagery. Furthermore, channels on the motor cortex of the contralateral hemisphere showed activation by an increase in oxyHb and decrease in deoxyHb, while the channels on the ipsilateral hemisphere either showed similar response but to a smaller extent, or in a reversed manner potentially indicating inhibition. Reconstruction of topographic images of activation showed that there exist distinct patterns of hemodynamic responses as measured by fNIRS to left hand and right hand motor imagery tasks which could be utilized in a pattern classifier towards developing a BCI. Finger tapping data were classified with better accuracy compared to motor imagery data, by both classification techniques for all the subjects. Between the two pattern classification techniques, HMM performed better than SVM, for both finger tapping and motor imagery tasks. The results of high accuracy of offline pattern classification of NIRS signals during motor imagery tasks (SVM: 87.5%, HMM: 93.4%) indicated the potential use of such techniques to the further development of BCI systems. Towards this end, it was implemented a NIRS-BCI system incorporating a word speller as a language support system for people with disabilities. The authors concluded that NIRS provides an excellent opportunity to use a variety of motor and cognitive activities to detect signals from specific regions of the cortex.
With the objective of developing a specific fNIRS-BCI for rehabilitation of patients with lower limbs impairment, Rea and colleagues [206] assessed fNIRS capability to capture specific brain activity related to motor preparation of lower limb movements. Preliminary results showed an increase of oxyHb in the parietal cortex 9 to 11 s before legs' movement onset.
Overall these findings indicate that despite the inherent latency of the hemodynamic response fNIRS provides researchers with an excellent opportunity to use motor activities to detect signals from specific regions of the cortex for the development of future BCIs.


Conclusions
After stroke, gait recovery is a major objective in the rehabilitation program, therefore a wide range of strategies and assistive devices have been developed for this purpose. However, estimating rehabilitation effects on motor recovery is complex, due to the interaction of spontaneous recovery, whose mechanisms are still under investigation, and therapy.
The approaches used in gait rehabilitation after stroke include neurophysiological and motor learning techniques, robotic devices, FES, and BCIs.
Despite being successful, the main principles of current rehabilitative approaches remain unclear [7], and probably this is the main reason why, apparently contradictory therapies produce similar outcomes. At this respect can be notice that the majority of rehabilitative methodologies nowadays applied are bottom-up in the sense that they act on the physical level and expect for changes at the central neural system level. Therefore, it is reasonable to expect a better insight in the understanding of the rehabilitative process if top-down approaches are considered. Besides, these new insights can eventually produce new rehabilitative strategies.
These approaches have been studied and compared by many researchers and, although there is not full consensus, the following general conclusions can be drawn:

                	Regarding neurophysiological and motor learning techniques, there is insufficient evidence to state that one approach is more effective in promoting gait recovery after stroke than any other approach. Furthermore, none of the methods is specifically focused on gait rehabilitation [42, 50].

	There is moderate evidence of improvement in walking and motor recovery using robotic devices including systems for BWSTT when compared to conventional therapy [96, 91, 105–107].

	The combination of different rehabilitation strategies seems to be more effective than over-ground gait training alone.

	Robotic devices need further research to show their suitability for walking training and their effects on over-ground gait [117].

	The use of FES combined with different walking retraining strategies has been shown to result in improvements in hemiplegic gait [121, 123–126, 207, 208].

	Reports on EEG-based BCIs for stroke recovery are limited to the rehabilitation of upper limbs, specifically of hand movements. Moreover, only a few of them have shown a real effect of BCI usage on motor recovery [162, 166, 171, 176, 209].

	There is enough evidence to support the assumption that BCIs could improve motor recovery after stroke, but there are no long term and group studies that show a clear clinical relevance.

	Lower limbs and gait function have not been studied in combination with BCIs yet. However some works suggest that there is a common mechanism influencing upper and lower limb recovery simultaneously, independently of the limb chosen for the rehabilitation therapy [164, 181].

	Despite the inherent latency of the hemodynamic response fNIRS enables researchers to detect signals from specific regions of the cortex during the performance of motor activities for the development of future BCIs [188–190, 195].

	Future research would make possible the analysis of the impact of rehabilitation on brain plasticity in order to adapt treatment resources to meet the needs of each patient and optimize the recovery process.




              

Acknowledgements
This review has been carried out with financial support from the European Commission within the Seventh Framework Programme under contract FP7-ICT-2009-247935: BETTER BNCI-driven Robotic Physical Therapies in Stroke Rehabilitation of Gait Disorders.

References
1.
Schmidt H, Werner C, Bernhardt R, Hesse S, Krüger J: Gait rehabilitation machines based on programmable footplates. Journal of neuroengineering and rehabilitation 2007., 4:

2.
Kwakkel G, Kollen BJ, Wagenaar RC: Therapy Impact on Functional Recovery in Stroke Rehabilitation:: A critical review of the literature. Physiotherapy 1999, 85: 377-391.

3.
Evers SM, Struijs JN, Ament AJ, van Genugten ML, Jager JC, van den Bos GA: International comparison of stroke cost studies. Stroke 2004, 35: 1209-1215.PubMed

4.
Schaechter JD: Motor rehabilitation and brain plasticity after hemiparetic stroke. Progress in neurobiology 2004, 73: 61-72.PubMed

5.
Flansbjer UB, Holmbäck AM, Downham D, Patten C, Lexell J: Reliability of gait performance tests in men and women with hemiparesis after stroke. Journal of Rehabilitation Medicine 2005, 37: 75-82.PubMed

6.
Olney SJ, Richards C: Hemiparetic gait following stroke. Part I: Characteristics. Gait & Posture 1996, 4: 136-148.

7.
Hermano K, Bruce V, Neville H: A working model of stroke recovery from rehabilitation robotics practitioners. Journal of NeuroEngineering and Rehabilitation 6:

8.
Rossignol S, Dubuc R, Gossard JP: Dynamic sensorimotor interactions in locomotion. Physiological reviews 2006, 86: 89.PubMed

9.
Verma R, Arya KN, Sharma P, Garg RK: Understanding gait control in post-stroke: Implications for management. Journal of Bodywork and Movement Therapies 2010, 1-8.

10.
Mayer M: Clinical neurokinesiology of spastic gait. Bratislavské lekárske listy 2002, 103: 3-11.PubMed

11.
Lindquist AR, Prado CL, Barros RM, Mattioli R, da Costa PH, Salvini TF: Gait training combining partial body-weight support, a treadmill, and functional electrical stimulation: effects on poststroke gait. Physical Therapy 2007, 87: 1144-1154.PubMed

12.
Dietz V: Interaction between central programs and afferent input in the control of posture and locomotion. Journal of biomechanics 1996, 29: 841-844.PubMed

13.
Grillner S: The motor infrastructure: from ion channels to neuronal networks. Nature Reviews Neuroscience 2003, 4: 573-586.PubMed

14.
Field-Fote EC, Dietz V: Single joint perturbation during gait: Preserved compensatory response pattern in spinal cord injured subjects. Clinical neurophysiology 2007, 118: 1607-1616.PubMedCentralPubMed

15.
Yang JF, Gorassini M: Spinal and brain control of human walking: implications for retraining of walking. The Neuroscientist 2006, 12: 379-389.PubMed

16.
Norton J: Changing our thinking about walking. The Journal of Physiology 2010, 588: 4341.PubMedCentralPubMed

17.
Reisman DS, Wityk R, Silver K, Bastian AJ: Locomotor adaptation on a split-belt treadmill can improve walking symmetry post-stroke. Brain 2007, 130: 1861-1872.PubMedCentralPubMed

18.
Yang JF, Lamont EV, Pang MY: Split-belt treadmill stepping in infants suggests autonomous pattern generators for the left and right leg in humans. The Journal of neuroscience 2005, 25: 6869-6876.PubMed

19.
Ivanenko YP, Dominici N, Cappellini G, Lacquaniti F: Kinematics in newly walking toddlers does not depend upon postural stability. Journal of neurophysiology 2005, 94: 754-763.PubMed

20.
Okamoto T, Okamoto K, Andrew PD: Electromyographic developmental changes in one individual from newborn stepping to mature walking. Gait & posture 2003, 17: 18-27.

21.
Christensen LO, Andersen JB, Sinkjær T, Nielsen J: Transcranial magnetic stimulation and stretch reflexes in the tibialis anterior muscle during human walking. The Journal of physiology 2001, 531: 545.PubMedCentralPubMed

22.
Petersen NT, Butler JE, Marchand-Pauvert V, Fisher R, Ledebt A, Pyndt HS, Hansen NL, Nielsen JB: Suppression of EMG activity by transcranial magnetic stimulation in human subjects during walking. The Journal of Physiology 2001, 537: 651-656.PubMedCentralPubMed

23.
Gwin JT, Gramann K, Makeig S, Ferris DP: Electrocortical activity is coupled to gait cycle phase during treadmill walking. Neuroimage 2010.

24.
Molinari M: Plasticity properties of CPG circuits in humans: impact on gait recovery. Brain Research Bulletin 2009, 78: 22-25.PubMed

25.
Capaday C, Lavoie BA, Barbeau H, Schneider C, Bonnard M: Studies on the corticospinal control of human walking. I. Responses to focal transcranial magnetic stimulation of the motor cortex. Journal of neurophysiology 1999, 81: 129.PubMed

26.
Schubert M, Curt A, Jensen L, Dietz V: Corticospinal input in human gait: modulation of magnetically evoked motor responses. Experimental brain research 1997, 115: 234-246.PubMed

27.
Knutsson E, Richards C: Different types of disturbed motor control in gait of hemiparetic patients. Brain 1979, 102: 405-430.PubMed

28.
Yang JF, Lam T, Pang MY, Lamont E, Musselman K, Seinen E: Infant stepping: a window to the behaviour of the human pattern generator for walking. Canadian journal of physiology and pharmacology 2004, 82: 662-674.PubMed

29.
Heuninckx S, Wenderoth N, Debaere F, Peeters R, Swinnen SP: Neural basis of aging: the penetration of cognition into action control. The Journal of neuroscience 2005, 25: 6787-6796.PubMed

30.
Wieser M, Haefeli J, Bütler L, Jäncke L, Riener R, Koeneke S: Temporal and spatial patterns of cortical activation during assisted lower limb movement. Experimental brain research 2010, 203: 181-191.PubMed

31.
Hansen NL, Nielsen JB: The effect of transcranial magnetic stimulation and peripheral nerve stimulation on corticomuscular coherence in humans. The Journal of Physiology 2004, 561: 295-306.PubMed

32.
Alexander LD, Black SE, Patterson KK, Gao F, Danells CJ, McIlroy WE: Association between gait asymmetry and brain lesion location in stroke patients. Stroke 2009, 40: 537-544.PubMed

33.
Richards CL, Olney SJ: Hemiparetic gait following stroke. Part II: Recovery and physical therapy. Gait & Posture 1996, 4: 149-162.

34.
Ditunno PL, Patrick M, Stineman M, Morganti B, Townson AF, Ditunno JF: Cross-cultural differences in preference for recovery of mobility among spinal cord injury rehabilitation professionals. Spinal cord 2005, 44: 567-575.PubMed

35.
Jette DU, Latham NK, Smout RJ, Gassaway J, Slavin MD, Horn SD: Physical therapy interventions for patients with stroke in inpatient rehabilitation facilities. Physical therapy 2005, 85: 238-248.PubMed

36.
Langhorne P, Bernhardt J, Kwakkel G: Stroke rehabilitation. The Lancet 2011, 377: 1693-1702.

37.
McDowd JM, Filion DL, Pohl PS, Richards LG, Stiers W: Attentional abilities and functional outcomes following stroke. The Journals of Gerontology Series B: Psychological Sciences and Social Sciences 2003, 58: P45.

38.
Bastian AJ: Understanding sensorimotor adaptation and learning for rehabilitation. Current opinion in neurology 2008, 21: 628.PubMedCentralPubMed

39.
Martin TA, Keating JG, Goodkin HP, Bastian AJ, Thach WT: Throwing while looking through prisms. II. Specificity and storage of multiple gaze-throw calibrations. Brain 1996, 119: 1199-1212.PubMed

40.
Kopp B, Wolff M: Brain mechanisms of selective learning: Event-related potentials provide evidence for error-driven learning in humans. Biological Psychology 2000, 51: 223-246.PubMed

41.
Scheidt RA, Stoeckmann T: Reach adaptation and final position control amid environmental uncertainty after stroke. Journal of neurophysiology 2007, 97: 2824.PubMed

42.
Pollock A, Baer G, Pomeroy VM, Langhorne P: Physiotherapy treatment approaches for the recovery of postural con-trol and lower limb function following stroke. status and date: Edited (no change to conclusions), published in 2007, 21: 395-410.

43.
Lennon S: The Bobath concept: a critical review of the theoretical assumptions that guide physiotherapy practice in stroke rehabilitation. Physical therapy reviews 1996, 1: 35-45.

44.
Bobath B, Bobath K: Control of motor function in the treatment of cerebral palsy. 1957, 43: 295-303.

45.
Paci M: Physiotherapy based on the Bobath concept for adults with post-stroke hemiplegia: a review of effectiveness studies. Journal of rehabilitation medicine 2003, 35: 2-7.PubMed

46.
Bobath B: Adult hemiplegia: evaluation and treatment. Butterworth-Heinemann Medical; 1990.

47.
Langhammer B, Stanghelle JK: Bobath or motor relearning programme? A comparison of two different approaches of physiotherapy in stroke rehabilitation: a randomized controlled study. Clinical rehabilitation 2000, 14: 361-369.PubMed

48.
Moros JS, Ballero F, Jáuregui S, Carroza MP: Rehabilitación en el ictus Rehabilitation in the stroke. ANALES Sis San Navarra 2000, 173-180.

49.
Stern PH, McDowell F, Miller JM, Robinson M: Effects of facilitation exercise techniques in stroke rehabilitation. Archives of physical medicine and rehabilitation 1970, 51: 526-531.PubMed

50.
Hesse S, Bertelt C, Jahnke MT, Schaffrin A, Baake P, Malezic M, Mauritz KH: Treadmill training with partial body weight support compared with physiotherapy in nonambulatory hemiparetic patients. Stroke 1995, 26: 976-981.PubMed

51.
Dickstein R, Hocherman S, Pillar T, Shaham R: Stroke rehabilitation. Physical Therapy 1986, 66: 1233-1238.PubMed

52.
Vojta V: The basic elements of treatment according to Vojta. Management of the Motor Disorders of Children with Cerebral Palsy 1984, 75.

53.
Muñoz AM: LA PARÁLISIS CEREBRAL.

54.
Kanda T, Pidcock FS, Hayakawa K, Yamori Y, Shikata Y: Motor outcome differences between two groups of children with spastic diplegia who received different intensities of early onset physiotherapy followed for 5 years. Brain and Development 2004, 26: 118-126.PubMed

55.
Rood MS: Neurophysiological reactions as a basis for physical therapy. The Physical therapy review 1954, 34: 444-449.PubMed

56.
Johnstone M, Barton E: Home care for the stroke patient: living in a pattern. Churchill Livingstone; 1996.

57.
Carr JH, Shepherd RB: A motor relearning programme for stroke. Butterworth-Heinemann; 1987.

58.
Anderson M, Lough S: A psychological framework for neurorehabilitation. Physiotherapy Theory and Practice 1986, 2: 74-82.

59.
Turnbull GI: Some learning theory implications in neurological physiotherapy. Physiotherapy 1982, 68: 38-41.PubMed

60.
Carr JH, Shepherd RB: A motor learning model for rehabilitation of the movement-disabled. Key Issues in Neurological Physiotherapy. Melksham: Redwood Press Ltd 1990, 1-24.

61.
Carr JH, Shepherd RB: Neurological rehabilitation: optimizing motor performance. Butterworth-Heinemann Medical; 1998.

62.
van de Port IG, Wood-Dauphinee S, Lindeman E, Kwakkel G: Effects of exercise training programs on walking competency after stroke: a systematic review. American Journal of Physical Medicine & Rehabilitation 2007, 86: 935.

63.
Kwakkel G, Wagenaar RC, Twisk JW, Lankhorst GJ, Koetsier JC: Intensity of leg and arm training after primary middle-cerebral-artery stroke: a randomised trial. The Lancet 1999, 354: 191-196.

64.
Govender P, Kalra L: Benefits of occupational therapy in stroke rehabilitation. Expert Review of Neurotherapeutics 2007, 7: 1013-1019.PubMed

65.
Perfetti C: L'exercice thérapeutique cognitif pour la rééducation du patient hémiplégique. Elsevier Masson; 2001.

66.
Carr JH, Shepherd RB: A motor relearning programme for stroke. Butterworth-Heinemann; 1987.

67.
Kinsman R, Verity R, Waller J: A conductive education approach for adults with neurological dysfunction. Physiotherapy 1988, 74: 227-230.

68.
Affolter F: Perceptual processes as prerequisites for complex human behaviour. Disability & Rehabilitation 1981, 3: 3-10.

69.
Ayres AJ: Sensory integration and learning disabilities. Edited by: Western Psychological Services. Los Angeles; 1972.

70.
Van Peppen RP, Kwakkel G, Wood-Dauphinee S, Hendriks HJ, Van der Wees PJ, Dekker J: The impact of physical therapy on functional outcomes after stroke: what's the evidence? Clinical rehabilitation 2004, 18: 833-862.PubMed

71.
DerSimonian R, Laird N: Meta-analysis in clinical trials. Controlled clinical trials 1986, 7: 177-188.PubMed

72.
Salbach NM, Mayo NE, Wood-Dauphinee S, Hanley JA, Richards CL, Cote R: A task-orientated intervention enhances walking distance and speed in the first year post stroke: a randomized controlled trial. Clinical rehabilitation 2004, 18: 509-519.PubMed

73.
Kwakkel G, Kollen B, Lindeman E: Understanding the pattern of functional recovery after stroke: facts and theories. Restorative Neurology and Neuroscience 2004, 22: 281-300.PubMed

74.
Levin MF, Kleim JA, Wolf SL: What Do Motor "Recovery" and "Compensation" Mean in Patients Following Stroke? Neurorehabilitation and neural repair 2009, 23: 313.PubMed

75.
Murphy TH, Corbett D: Plasticity during stroke recovery: from synapse to behaviour. Nature Reviews Neuroscience 2009, 10: 861-872.PubMed

76.
Wevers L, van de Port I, Vermue M, Mead G, Kwakkel G: Effects of Task-Oriented Circuit Class Training on Walking Competency After Stroke. Stroke 2009, 40: 2450-2459.PubMed

77.
Legg L, Pollock A, Langhorne P, Sellars C: A multidisciplinary research agenda for stroke rehabilitation. British Journal of Therapy and Rehabilitation 2000, 7: 319-24.

78.
French B, Thomas LH, Leathley MJ, Sutton CJ, McAdam J, Forster A, Langhorne P, Price CI, Walker A, Watkins CL: Repetitive task training for improving functional ability after stroke. Cochrane Database Syst Rev 2007., 4:

79.
Kwakkel G, Van Peppen R, Wagenaar RC, Dauphinee SW, Richards C, Ashburn A, Miller K, Lincoln N, Partridge C, Wellwood I, et al.: Effects of augmented exercise therapy time after stroke. A meta-analysis. Stroke 2004, 01-STR.

80.
Bernhardt J, Thuy MN, Collier JM, Legg LA: Very early versus delayed mobilisation after stroke. Cochrane database of systematic reviews (Online) 2009, CD006187.

81.
Salbach NM, Mayo NE, Higgins J, Ahmed S, Finch LE, Richards CL: Responsiveness and predictability of gait speed and other disability measures in acute stroke* 1. Archives of physical medicine and rehabilitation 2001, 82: 1204-1212.PubMed

82.
Meek C, Pollock A, Potter J, Langhorne P: A systematic review of exercise trials post stroke. Clinical rehabilitation 2003, 17: 6-13.PubMed

83.
Bates B, Choi JY, Duncan PW, Glasberg JJ, Graham GD, Katz RC, Lamberty K, Reker D, Zorowitz R: Veterans affairs/department of defense clinical practice guideline for the management of adult stroke rehabilitation care: executive summary. Stroke 2005, 36: 2049-2056.PubMed

84.
States R, Salem Y, Pappas E: Overground gait trainer for individual chronic stroke: a cochrane systematic review. 2009, 33: 4.

85.
Moseley AM, Stark A, Cameron ID, Pollock A: Treadmill training and body weight support for walking after stroke. Cochrane Database Syst Rev 2005., 4:

86.
Saunders DH, Greig CA, Young A, Mead GE: Physical fitness training for stroke patients. Stroke 2004, 35: 2235-2235.PubMed

87.
Dohring ME, Daly JJ: Automatic Synchronization of Functional Electrical Stimulation and Robotic Assisted Treadmill Training. IEEE Transactions on Neural Systems and Rehabilitation Engineering 2008, 16: 310-313.PubMed

88.
Hidler J, Nichols D, Pelliccio M, Brady K: Advances in the understanding and treatment of stroke impairment using robotic devices. Topics in stroke rehabilitation 2005, 12: 22-35.PubMed

89.
Mirelman A, Bonato P, Deutsch JE: Effects of training with a robot-virtual reality system compared with a robot alone on the gait of individuals after stroke. Stroke 2009, 40: 169-174.PubMed

90.
Fasoli SE, Krebs HI, Stein J, Frontera WR, Hughes R, Hogan N: Robotic therapy for chronic motor impairments after stroke: follow-up results1. Archives of physical medicine and rehabilitation 2004, 85: 1106-1111.PubMed

91.
Barbeau H, Visintin M: Optimal outcomes obtained with body-weight support combined with treadmill training in stroke subjects. Archives of physical medicine and rehabilitation 2003, 84: 1458-1465.PubMed

92.
Edwards DJ: On the understanding and development of modern physical neurorehabilitation methods: robotics and non-invasive brain stimulation. Journal of neuroengineering and rehabilitation 2009, 6: 3.PubMedCentralPubMed

93.
Duschau-Wicke A, von Zitzewitz J, Caprez A, Lunenburger L, Riener R: Path Control: A Method for Patient-Cooperative Robot-Aided Gait Rehabilitation. Neural Systems and Rehabilitation Engineering, IEEE Transactions on 2010, 18: 38-48.

94.
Kim SH, Banala SK, Brackbill EA, Agrawal SK, Krishnamoorthy V, Scholz JP: Robot-assisted modifications of gait in healthy individuals. Experimental brain research 2010, 202: 809-824.PubMed

95.
Peshkin M, Brown DA, Santos-Munné JJ, Makhlin A, Lewis E, Colgate JE, Patton J, Schwandt D: KineAssist: A robotic overground gait and balance training device. Rehabilitation Robotics, 2005. ICORR 2005. 9th International Conference on 2005, 241-246.

96.
Riener R, Lunenburger L, Jezernik S, Anderschitz M, Colombo G, Dietz V: Patient-cooperative strategies for robot-aided treadmill training: first experimental results. Neural Systems and Rehabilitation Engineering, IEEE Transactions on 2005, 13: 380-394.

97.
McCain KJ, POLIO FE, Baum BS, Coleman SC, Baker S, Smith PS: Locomotor treadmill training with partial body-weight support before overground gait in adults with acute stroke: a pilot study. Archives of physical medicine and rehabilitation 2008, 89: 684-691.PubMed

98.
Hesse S, Uhlenbrock D, Werner C, Bardeleben A: A mechanized gait trainer for restoring gait in nonambulatory subjects. Archives of physical medicine and rehabilitation 2000, 81: 1158-1161.PubMed

99.
Colombo G: The, lokomat»-A driven ambulatory orthosis. MEDIZINISCH ORTHOPADISCHE TECHNIK 2000, 120: 178-181.

100.
Moseley AM, Stark A, Cameron ID, Pollock A: Treadmill training and body weight support for walking after stroke. Stroke 2003, 34: 3006.PubMed

101.
Pohl M, Werner C, Holzgraefe M, Kroczek G, Wingendorf I, Hoölig G, Koch R, Hesse S: Repetitive locomotor training and physiotherapy improve walking and basic activities of daily living after stroke: a single-blind, randomized multicentre trial (DEutsche GAngtrainerStudie, DEGAS). Clinical Rehabilitation 2007, 21: 17-27.PubMed

102.
Duncan PW, Propst M, Nelson SG: Reliability of the Fugl-Meyer assessment of sensorimotor recovery following cerebrovascular accident. Physical Therapy 1983, 63: 1606-1610.PubMed

103.
Bogey R, Hornby GT: Gait training strategies utilized in poststroke rehabilitation: are we really making a difference? Topics in Stroke Rehabilitation 2007, 14: 1-8.PubMed

104.
Mehrholz J, Werner C, Kugler J, Pohl M: Electromechanical-assisted training for walking after stroke. Cochrane Database Syst Rev 2007., 4:

105.
Visintin M, Barbeau H, Korner-Bitensky N, Mayo NE: A new approach to retrain gait in stroke patients through body weight support and treadmill stimulation. Stroke 1998, 29: 1122-1128.PubMed

106.
Luft AR, Macko RF, Forrester LW, Villagra F, Ivey F, Sorkin JD, Whitall J, McCombe-Waller S, Katzel L, Goldberg AP, et al.: Treadmill exercise activates subcortical neural networks and improves walking after stroke: a randomized controlled trial. Stroke 2008, 39: 3341-3350.PubMedCentralPubMed

107.
Mayr A, Kofler M, Quirbach E, Matzak H, Fröhlich K, Saltuari L: Prospective, blinded, randomized crossover study of gait rehabilitation in stroke patients using the Lokomat gait orthosis. Neurorehabilitation and Neural Repair 2007, 21: 307-314.PubMed

108.
Monaco V, Galardi G, Jung JH, Bagnato S, Boccagni C, Micera S: A new robotic platform for gait rehabilitation of bedridden stroke patients. Rehabilitation Robotics, 2009. ICORR 2009. IEEE International Conference on 2009, 383-388.

109.
Monaco V, Jung JH, Macrì G, Bagnato S, Micera S, Carrozza MC, Galardi G: Robotic system for gait rehabilitations of stroke patients during the acute phase.

110.
Forrester LW, Roy A, Krebs HI, Macko RF: Ankle Training With a Robotic Device Improves Hemiparetic Gait After a Stroke. Neurorehabilitation and Neural Repair 2010, 369-377.

111.
Song R, Tong K, Hu X: Assistive control system using continuous myoelectric signal in robot-aided arm training for patients after stroke. Neural Systems and Rehabilitation Engineering, IEEE Transactions on 2008, 16: 371-379.

112.
Ueda J, Ming D, Krishnamoorthy V, Shinohara M, Ogasawara T: Individual Muscle Control Using an Exoskeleton Robot for Muscle Function Testing. Neural Systems and Rehabilitation Engineering, IEEE Transactions on 2010, 18: 339-350.

113.
Hyngstrom A, Onushko T, Chua M, Schmit BD: Abnormal Volitional Hip Torque Phasing and Hip Impairments in Gait Post Stroke. Journal of neurophysiology 2010, 103: 1557-1568.PubMed

114.
Hornby TG, Campbell DD, Kahn JH, Demott T, Moore JL, Roth HR: Enhanced gait-related improvements after therapist-versus robotic-assisted locomotor training in subjects with chronic stroke: a randomized controlled study. Stroke 2008, 39: 1786-1792.PubMed

115.
Hidler J, Nichols D, Pelliccio M, Brady K, Campbell DD, Kahn JH, Hornby TG: Multicenter randomized clinical trial evaluating the effectiveness of the Lokomat in subacute stroke. Neurorehabilitation and Neural Repair 2009, 23: 5-13.PubMed

116.
Dobkin BH: Strategies for stroke rehabilitation. The Lancet Neurology 2004, 3: 528-536.PubMedCentralPubMed

117.
Iosa M, Morone G, Bragoni M, De Angelis D, Venturiero V, Coiro P, Pratesi L, Paolucci S: Driving electromechanically assisted Gait Trainer for people with stroke. Journal of Rehabilitation Research and Development 48: 135-146.

118.
Morone G, Bragoni M, Iosa M, De Angelis D, Venturiero V, Coiro P, Pratesi L, Paolucci S: Who may benefit from robotic-assisted gait training? A randomized clinical trial in patients with subacute stroke. 2011.

119.
Moreno JC, del Ama AJ, de los Reyes-Guzmán A, Gil-Agudo Á, Ceres R, Pons JL: Neurorobotic and hybrid management of lower limb motor disorders: a review. Medical and Biological Engineering and Computing 2011, 1-12.

120.
Robbins SM, Houghton PE, Woodbury MG, Brown JL: The therapeutic effect of functional and transcutaneous electric stimulation on improving gait speed in stroke patients: a meta-analysis. Archives of physical medicine and rehabilitation 2006, 87: 853-859.PubMed

121.
Bogataj U, Gros N, Kljajic M, Acimovic R, Malezic M: The rehabilitation of gait in patients with hemiplegia: a comparison between conventional therapy and multichannel functional electrical stimulation therapy. Physical Therapy 1995, 75: 490-502.PubMed

122.
Stanic U, Acimović-Janezic R, Gros N, Trnkoczy A, Bajd T, Kljajić M: Multichannel electrical stimulation for correction of hemiplegic gait. Methodology and preliminary results. Scandinavian journal of rehabilitation medicine 1978, 10: 75-92.PubMed

123.
Bogataj U, Gros N, Malezic M, Kelih B, Kljajic M, Acimovic R: Restoration of gait during two to three weeks of therapy with multichannel electrical stimulation. Physical Therapy 1989, 69: 319.PubMed

124.
Bogataj U, Gros N, Kljajic M, Acimovic-Janezic R: Enhanced rehabilitation of gait after stroke: a case report of a therapeutic approach using multichannel functional electrical stimulation. Rehabilitation Engineering, IEEE Transactions on 2002, 5: 221-232.

125.
Kottink AI, Oostendorp LJ, Buurke JH, Nene AV, Hermens HJ, IJzerman MJ: The orthotic effect of functional electrical stimulation on the improvement of walking in stroke patients with a dropped foot: a systematic review. Artificial organs 2004, 28: 577-586.PubMed

126.
Teasell RW, Foley NC, Bhogal SK, Speechley MR: An evidence-based review of stroke rehabilitation. Topics in stroke Rehabilitation 2002, 10: 29-58.

127.
Ng MF, Tong RK, Li LS: A pilot study of randomized clinical controlled trial of gait training in subacute stroke patients with partial body-weight support electromechanical gait trainer and functional electrical stimulation: six-month follow-up. Stroke 2008, 39: 154-160.PubMed

128.
Tong RK, Ng MF, Li LS, So EF: Gait training of patients after stroke using an electromechanical gait trainer combined with simultaneous functional electrical stimulation. Physical Therapy 2006, 86: 1282-1294.PubMed

129.
Chae J: Neuromuscular electrical stimulation for motor relearning in hemiparesis. Physical medicine and rehabilitation clinics of North America 2003, 14: 93-109.

130.
Krakauer JW: Motor learning: its relevance to stroke recovery and neurorehabilitation. Current Opinion in Neurology 2006, 19: 84-90.PubMed

131.
Barsi GI, Popovic DB, Tarkka IM, Sinkjaer T, Grey MJ: Cortical excitability changes following grasping exercise augmented with electrical stimulation. Experimental brain research 2008, 191: 57-66.PubMed

132.
Buch E, Weber C, Cohen LG, Braun C, Dimyan MA, Ard T, Mellinger J, Caria A, Soekadar S, Fourkas A, et al.: Think to move: a neuromagnetic brain-computer interface (BCI) system for chronic stroke. Stroke 2008, 39: 910-917.PubMed

133.
Wolpaw JR, Birbaumer N, McFarland DJ, Pfurtscheller G, Vaughan TM: Brain-computer interfaces for communication and control. Clinical neurophysiology 2002, 113: 767-791.PubMed

134.
Birbaumer N, Kubler A, Ghanayim N, Hinterberger T, Perelmouter J, Kaiser J, Iversen I, Kotchoubey B, Neumann N, Flor H: The thought translation device (TTD) for completely paralyzed patients. Rehabilitation Engineering, IEEE Transactions on 2000, 8: 190-193.

135.
Pfurtscheller G, Müller GR, Pfurtscheller J, Gerner HJ, Rupp R: [] Thought'-control of functional electrical stimulation to restore hand grasp in a patient with tetraplegia. Neuroscience letters 2003, 351: 33-36.PubMed

136.
Allison BZ, Wolpaw EW, Wolpaw JR: Braincomputer interface systems: progress and prospects. Expert review of medical devices 2007, 4: 463-474.PubMed

137.
Sepulveda F: An Overview of BMIs. International Review of Neurobiology 2009, 86: 93-106.PubMed

138.
Min BK, Marzelli MJ, Yoo SS: Neuroimaging-based approaches in the brain-computer interface. Trends in biotechnology 2010, 552-560.

139.
Daly JJ, Wolpaw JR: Brain-computer interfaces in neurological rehabilitation. The Lancet Neurology 2008, 7: 1032-1043.PubMed

140.
Birbaumer N: Breaking the silence: brain-computer interfaces (BCI) for communication and motor control. Psychophysiology 2006, 43: 517-532.PubMed

141.
Wolpaw JR, Birbaumer N, McFarland DJ, Pfurtscheller G, Vaughan TM: Brain-computer interfaces for communication and control. Clinical neurophysiology 2002, 113: 767-791.PubMed

142.
Birbaumer N, Murguialday AR, Cohen L: Brain-computer interface in paralysis. Current opinion in neurology 2008, 21: 634-638.PubMed

143.
Mason SG, Bashashati A, Fatourechi M, Navarro KF, Birch GE: A comprehensive survey of brain interface technology designs. Annals of Biomedical Engineering 2007, 35: 137-169.PubMed

144.
Pfurtscheller G, Neuper C, Flotzinger D, Pregenzer M: EEG-based discrimination between imagination of right and left hand movement. Electroencephalography and clinical Neurophysiology 1997, 103: 642-651.PubMed

145.
Pfurtscheller G, Neuper C: Future prospects of ERD/ERS in the context of brain-computer interface (BCI) developments. Progress in Brain Research 2006, 159: 433-437.PubMed

146.
Wolpaw JR, McFarland DJ, Vaughan TM, Schalk G: The Wadsworth Center brain-computer interface (BCI) research and development program. Neural Systems and Rehabilitation Engineering, IEEE Transactions on 2003, 11: 1-4.

147.
Mellinger J, Schalk G, Braun C, Preissl H, Rosenstiel W, Birbaumer N, Kubler A: An MEG-based brain-computer interface (BCI). Neuroimage 2007, 36: 581-593.PubMedCentralPubMed

148.
Scherer R, Graimann B, Huggins JE, Levine SR, Pfurtscheller G: Frequency Component Selection for an ECoG-based Brain-Computer Interface. Auswahl von Frequenzkomponenten aus ECoG-Signalen zur Steuerung eines Brain Computer Interface. Biomedizinische Technik/Biomedical Engineering 2003, 48: 31-36.PubMed

149.
Leuthardt EC, Schalk G, Wolpaw JR, Ojemann JG, Moran DW: A brain-computer interface using electrocorticographic signals in humans. Journal of Neural Engineering 2004, 1: 63-71.PubMed

150.
Shenoy P, Miller KJ, Ojemann JG, Rao RP: Generalized features for electrocorticographic BCIs. Biomedical Engineering, IEEE Transactions on 2008, 55: 273-280.

151.
Sitaram R, Weiskopf N, Caria A, Veit R, Erb M, Birbaumer N: fMRI brain-computer interfaces. Signal Processing Magazine, IEEE 2008, 25: 95-106.

152.
Coyle SM, Ward TE, Markham CM: Brain-computer interface using a simplified functional near-infrared spectroscopy system. Journal of neural engineering 2007, 4: 219-226.PubMed

153.
Sitaram R, Zhang H, Guan C, Thulasidas M, Hoshi Y, Ishikawa A, Shimizu K, Birbaumer N: Temporal classification of multichannel near-infrared spectroscopy signals of motor imagery for developing a brain-computer interface. NeuroImage 2007, 34: 1416-1427.PubMed

154.
Carrillo-de-la-Pena MT, Galdo-Alvarez S, Lastra-Barreira C: Equivalent is not equal: Primary motor cortex (MI) activation during motor imagery and execution of sequential movements. Brain research 2008, 1226: 134-143.PubMed

155.
Pfurtscheller G, Neuper C: Event-related synchronization of mu rhythm in the EEG over the cortical hand area in man. Neuroscience letters 1994, 174: 93-96.PubMed

156.
Neuper C, Pfurtscheller G: Event-related dynamics of cortical rhythms: frequency-specific features and functional correlates. International Journal of Psychophysiology 2001, 43: 41-58.PubMed

157.
Pfurtscheller G, Neuper C: Motor imagery and direct brain-computer communication. Proceedings of the IEEE 2001, 89: 1123-1134.

158.
Kübler A, Nijboer F, Mellinger J, Vaughan TM, Pawelzik H, Schalk G, McFarland DJ, Birbaumer N, Wolpaw JR: Patients with ALS can use sensorimotor rhythms to operate a brain-computer interface. Neurology 2005, 64: 1775-1777.PubMed

159.
Muller-Putz GR, Zimmermann D, Graimann B, Nestinger K, Korisek G, Pfurtscheller G: Event-related beta EEG-changes during passive and attempted foot movements in paraplegic patients. Brain research 2007, 1137: 84-91.PubMed

160.
Mattia D, Cincotti F, Astolfi L, de Vico Fallani F, Scivoletto G, Marciani MG, Babiloni F: Motor cortical responsiveness to attempted movements in tetraplegia: Evidence from neuroelectrical imaging. Clinical Neurophysiology 2009, 120: 181-189.PubMed

161.
Scherer R, Mohapp A, Grieshofer P, Pfurtscheller G, Neuper C: Sensorimotor EEG patterns during motor imagery in hemiparetic stroke patients. Int J Bioelectromagn 2007, 9: 155-162.

162.
Page SJ, Levine P, Leonard A: Mental practice in chronic stroke: results of a randomized, placebo-controlled trial. Stroke 2007, 38: 1293-1297.PubMed

163.
Sharma N, Pomeroy VM, Baron JC: Motor imagery: a backdoor to the motor system after stroke? Stroke 2006, 37: 1941-1952.PubMed

164.
Broetz D, Braun C, Weber C, Soekadar SR, Caria A, Birbaumer N: Combination of brain-computer interface training and goal-directed physical therapy in chronic stroke: a case report. Neurorehabilitation and Neural Repair 2010, 24: 674.PubMed

165.
Caria A, Weber C, Brötz D, Ramos A, Ticini LF, Gharabaghi A, Braun C, Birbaumer N: BRIEF REPORT: Chronic stroke recovery after combined BCI training and physiotherapy: A case report. Psychophysiology 2010, 578-582.

166.
Daly JJ, Cheng R, Rogers J, Litinas K, Hrovat K, Dohring M: Feasibility of a new application of noninvasive brain computer interface (BCI): a case study of training for recovery of volitional motor control after stroke. Journal of Neurologic Physical Therapy 2009, 33: 203-211.PubMed

167.
Mark J, Wolpaw JR: Clinical Applications of Brain-Computer Interfaces: Current State and Future Prospects. 2009, 2: 187-199.

168.
Wang W, Collinger JL, Perez MA, Tyler-Kabara EC, Cohen LG, Birbaumer N, Brose SW, Schwartz AB, Boninger ML, Weber DJ: Neural interface technology for rehabilitation: exploiting and promoting neuroplasticity. Physical medicine and rehabilitation clinics of North America 2010, 21: 157-178.PubMedCentralPubMed

169.
Soekadar SR, Birbaumer N, Cohen LG, Cohen LG: Brain-computer-interfaces in the rehabilitation of stroke and neurotrauma.

170.
Ang KK, Guan C, Chua SG, Ang BT, Kuah C, Wang C, Phua KS, Chin ZY, Zhang H: A clinical study of motor imagery-based brain-computer interface for upper limb robotic rehabilitation. Engineering in Medicine and Biology Society, 2009. EMBC 2009. Annual International Conference of the IEEE 2009, 5981-5984.

171.
Ang KK, Guan C, Chua KS, Ang BT, Kuah C, Wang C, Phua KS, Chin ZY, Zhang H: Clinical study of neurorehabilitation in stroke using EEG-based motor imagery brain-computer interface with robotic feedback. Engineering in Medicine and Biology Society (EMBC), 2010 Annual International Conference of the IEEE 2010, 5549-5552.

172.
Platz T, Kim IH, Engel U, Kieselbach A, Mauritz KH: Brain activation pattern as assessed with multi-modal EEG analysis predict motor recovery among stroke patients with mild arm paresis who receive the Arm Ability Training. Restorative neurology and neuroscience 2002, 20: 21-36.PubMed

173.
Daly JJ, Fang Y, Perepezko EM, Siemionow V, Yue GH: Prolonged cognitive planning time, elevated cognitive effort, and relationship to coordination and motor control following stroke. Neural Systems and Rehabilitation Engineering, IEEE Transactions on 2006, 14: 168-171.

174.
Prasad G, Herman P, Coyle D, McDonough S, Crosbie J: Using motor imagery based brain-computer interface for post-stroke rehabilitation. Neural Engineering, 2009. NER'09. 4th International IEEE/EMBS Conference on 2009, 258-262.

175.
Girijesh P, Pawel H, Damien C, Suzanne MD, Jacqueline C: Applying a brain-computer interface to support motor imagery practice in people with stroke for upper limb recovery: a feasibility study. Journal of NeuroEngineering and Rehabilitation 7:

176.
Tan HG, Kong KH, Shee CY, Wang CC, Guan CT, Ang WT: Post-acute stroke patients use brain-computer interface to activate electrical stimulation. Engineering in Medicine and Biology Society (EMBC), 2010 Annual International Conference of the IEEE 2010, 4234-4237.

177.
Dickstein R, Deutsch JE: Motor imagery in physical therapist practice. Physical therapy 2007, 87: 942.PubMed

178.
Dickstein R, Dunsky A, Marcovitz E: Motor imagery for gait rehabilitation in post-stroke hemiparesis. Physical therapy 2004, 84: 1167.PubMed

179.
Malouin F, Richards CL: Mental practice for relearning locomotor skills. Physical therapy 2010, 90: 240-251.PubMed

180.
Malouin F, Richards CL, Durand A, Doyon J: Clinical assessment of motor imagery after stroke. Neurorehabilitation and Neural Repair 2008, 22: 330.PubMed

181.
Kwakkel G, et al.: Probability of regaining dexterity in the flaccid upper limb. Impact of severity of paresis and time since onset in acute stroke. Stroke 2003, 2181-2186.

182.
Broetz D, Braun C, Weber C, Soekadar SR, Caria A, Birbaumer N: Combination of brain-computer interface training and goal-directed physical therapy in chronic stroke: a case report. Neurorehabilitation and Neural Repair 2010, 24: 674-679.PubMed

183.
Pressaco A, Forrester L, Contreras Vidal JL: Towards a non-invasive brain-machine interface system to restore gait function in humans. In Integrating Technology and Medicine for a Healthier Tomorrow. Boston; 2011:4588-4591.

184.
Villringer A, Obrig H: Near Infrared Spectroscopy and Imaging. Amsterdam: Elsevier Science; 2002.

185.
Atsumori H, Kiguchi M, Obata A, Sato H, Katura T, Utsugi K, Funane T, Maki A: Development of a multi-channel, portable optical topography system. Engineering in Medicine and Biology Society, 2007. EMBS 2007. 29th Annual International Conference of the IEEE 2007, 3362-3364.

186.
Hoshi Y: Functional near-infrared spectroscopy: current status and future prospects. Journal of Biomedical Optics 2007, 12: 062106.PubMed

187.
Hoshi Y, Kobayashi N, Tamura M: Interpretation of near-infrared spectroscopy signals: a study with a newly developed perfused rat brain model. Journal of Applied Physiology 2001, 90: 1657-1662.PubMed

188.
Miyai I, Tanabe HC, Sase I, Eda H, Oda I, Konishi I, Tsunazawa Y, Suzuki T, Yanagida T, Kubota K: Cortical mapping of gait in humans: a near-infrared spectroscopic topography study. Neuroimage 2001, 14: 1186-1192.PubMed

189.
Suzuki M, Miyai I, Ono T, Oda I, Konishi I, Kochiyama T, Kubota K: Prefrontal and premotor cortices are involved in adapting walking and running speed on the treadmill: an optical imaging study. Neuroimage 2004, 23: 1020-1026.PubMed

190.
Mihara M, Miyai I, Hatakenaka M, Kubota K, Sakoda S: Role of the prefrontal cortex in human balance control. Neuroimage 2008, 43: 329-336.PubMed

191.
Suzuki M, Miyai I, Ono T, Kubota K: Activities in the frontal cortex and gait performance are modulated by preparation. An fNIRS study. Neuroimage 2008, 39: 600-607.PubMed

192.
Harada T, Miyai I, Suzuki M, Kubota K: Gait capacity affects cortical activation patterns related to speed control in the elderly. Experimental brain research 2009, 193: 445-454.PubMed

193.
Miyai I, Yagura H, Oda I, Konishi I, Eda H, Suzuki T, Kubota K: Premotor cortex is involved in restoration of gait in stroke. Annals of neurology 2002, 52: 188-194.PubMed

194.
Miyai I, Yagura H, Hatakenaka M, Oda I, Konishi I, Kubota K: Longitudinal optical imaging study for locomotor recovery after stroke. Stroke 2003, 34: 2866-2870.PubMed

195.
Mihara M, Miyai I, Hatakenaka M, Kubota K, Sakoda S: Sustained prefrontal activation during ataxic gait: A compensatory mechanism for ataxic stroke? Neuroimage 2007, 37: 1338-1345.PubMed

196.
Coyle S, Ward T, Markham C, McDarby G: On the suitability of near-infrared (NIR) systems for next-generation brain-computer interfaces. Physiological Measurement 2004, 25: 815-822.PubMed

197.
Sitaram R, Hoshi Y: Near infrared spectroscopy based brain_computer interface. Fundamental problems of optoelectronics and microelectronics II, proceedings of the SPIE 2005.

198.
Sitaram R, Zhang H, Guan C, Thulasidas M, Hoshi Y, Ishikawa A, Shimizu K, Birbaumer N: Temporal classification of multichannel near-infrared spectroscopy signals of motor imagery for developing a brain-computer interface. NeuroImage 2007, 34: 1416-1427.PubMed

199.
Naito M, Michioka Y, Ozawa K, Ito Y, Kiguchi M, Kanazawa T: A communication means for totally locked-in ALS patients based on changes in cerebral blood volume measured with near-infrared light. IEICE transactions on information and systems 2007, 90: 1028-1037.

200.
Bauernfeind G, Leeb R, Wriessnegger SC, Pfurtscheller G: Development, set-up and first results for a one-channel near-infrared spectroscopy system/Entwicklung, Aufbau und vorläufige Ergebnisse eines Einkanal-Nahinfrarot-Spektroskopie-Systems. Biomedizinische Technik 2008, 53: 36-43.PubMed

201.
Pfurtscheller G, Allison BZ, Brunner C, Bauernfeind G, Solis-Escalante T, Scherer R, Zander TO, Mueller-Putz G, Neuper C, Birbaumer N: The hybrid BCI. Frontiers in neuroscience 2010., 4:

202.
Sitaram R, Caria A, Veit R, Gaber T, Rota G, Kuebler A, Birbaumer N: fMRI brain-computer interface: A tool for neuroscientific research and treatment. Computational intelligence and neuroscience 2007, 2007: 1-10.

203.
Vapnik V: Statistical learning theory. Wiley, New York; 1998.

204.
Blankertz B, Curio G, Müller KR: Classifying single trial EEG: Towards brain computer interfacing. Advances in neural information processing systems 14: proceedings of the 2002 conference 2002, 157.

205.
Rabiner LR: A tutorial on hidden Markov models and selected applications in speech recognition. Proceedings of the IEEE 1989, 77: 257-286.

206.
Rea M, Terekhin P, Sitaram R, Ehlis A, Täglich R, Fallgater A, Birbaumer N, Caria A: An exploratory fNIRS study towards the implementation of a BCI for lower limbs movements. Quebec, Canada; 2011.

207.
Wolpaw JR, McFarland DJ: Multichannel EEG-based brain-computer communication* 1. Electroencephalography and clinical Neurophysiology 1994, 90: 444-449.PubMed

208.
Yan T, Hui-Chan CW, Li LS: Functional electrical stimulation improves motor recovery of the lower extremity and walking ability of subjects with first acute stroke: a randomized placebo-controlled trial. Stroke 2005, 36: 80-85.PubMed

209.
Ang KK, Guan C, Chua SG, Ang BT, Kuah C, Wang C, Phua KS, Chin ZY, Zhang H: A clinical study of motor imagery-based brain-computer interface for upper limb robotic rehabilitation. Engineering in Medicine and Biology Society, 2009. EMBC 2009. Annual International Conference of the IEEE 2009, 5981-5984.



Competing interests
The authors declare that they have no competing interests.

Authors' contributions
JB structured the paper contents and made the revision of the whole article. SM wrote the draft of the manuscript and revised the integration of the different sections. IB provided the framework for the introduction. JM contributed to the robotic devices section, especially exoskeletons and JP revised it and looked for the consistency of this part in the whole paper. DF revised the paper for consistency in the neurophysiological aspects. MM and FT wrote the neurophysiology of gait and classic gait rehabilitation techniques sections. MI revised the manuscript for consistency in the gait rehabilitation approach. AR and AC wrote about fNIRS based BCIs and MR revised it. TS and CB wrote and revised the section of EEG based BCIs. All authors read and approved the final manuscript.


OEBPS/sidebar.gif





OEBPS/contact.gif





